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[ Abstract] Propensity scores are widely used in observational pharmacoepidemiology studies to control

confounding bias and improve the reliability of causal effect estimation. The Guide on Methodological Standards

in Pharmacoepidemiology (2nd edition) summarizes the basic concepts and application scenarios of propensity

scores. Building upon this guideline, this paper elaborates on the key practical elements of propensity score

analysis through examples, following a standardized workflow encompassing covariate selection, propensity score

estimation, assessment of basic assumptions, propensity score application (matching, stratification, regression, or

weighting), covariate balance test, causal effect estimation, sensitivity analysis, and standardized reporting. The aim

is to provide a practical reference for clinical and epidemiological researchers in conducting standardized selection,

implementation, and reporting of propensity score analysis in real-world studies on drug efficacy and safety.

[Keywords ] Pharmacoepidemiology; Methodology; Guidelines; Propensity score
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Figure 1. Causal directed acyclic graph
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Table 1. Summary of causal effect estimators and its estimation methods®”
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Table 2. Instructions for reporting PS analysis
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