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[Abstract] An overview of the application of association rule mining (ARM) in real-
world study (RWD) on drug safety to inform pharmacovigilance real-world data analysis. The
applications of ARM in RWD of drug safety were divided into single drug/vaccine signal detection,
combined medication risk mining, multidimensional risk factor analysis and adverse drug event
occurrence characterization based on passive monitoring data; medication characterization pattern
analysis, auxiliary epidemiological study design and risk mining of the whole dataset based on
active monitoring data. In general, foreign scholars pay more attention to method rule setting,
performance evaluation and application research, while domestic scholars pay more attention to
multidimensional risk factor analysis, adverse drug event occurrence pattern, and clinical drug use
characteristics research. With the accumulation of medical data and the continuous development of

data mining technology, ARM may provide new ideas for RWD on drug safety.
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Table 1. Evaluation indexes related to association rule mining
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Table 2. Typical studies of association rule mining for single drug signal detection
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Table 3. Typical studies of association rule mining for combined medication signal detection
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Table 4. Typical studies of association rule mining in active monitoring data
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