82 Chin J Pharmacoepidemiol, Jan. 2023, Vol. 32, No.1

ERESEREEEMREER L
5 R 25 R Ry L A it

M, Bk

iR AFEFIRIE RS ERGHF ( Lk 200025)

(HEE ) by ml 2 o gh B A Th IR RS AL HE v S i G B e il 2, (ELHCTA
JPAREOE, MRS RN B AR 5 22 5 o R 2t S v HE T ROV Y
U, T R ER SIS OB AR NI, T 245 T B MAIB R YT o SR,
ARG 25 TR B WA T AL 2R 25— B R BR- P . BILAS 7 )R] LR A %L
Yisrod, AR AR RRTHAR, HAmACR | wEsirhnsm. Mldvss ] N
BRI S B A A BE 7 TSR 22 i 24 00 o 245k J3E Tt ﬂiiiﬁﬁkm%ﬁ%jf%
LRl 5w 5w AR HE P 25 vh i A 7204

[oCHRIA ) Msesanml; JRIF2a s pLassd; MALHIZ

Application of machine learning in the individualized therapy of tacrolimus
in transplant patients

Xiao-Ling LU, Bing CHEN

Department of Pharmacy, Ruijin Hospital, Shanghai Jiao Tong University School of Medicine,
Shanghai 200025, China
Corresponding author: Bing CHEN, Email: chchenbing@163.com

[ Abstract] Tacrolimus is a key immunosuppressant to prevent transplant rejection
in solid organ transplantation, but its treatment index is narrow, and there are significant
differences in bioavailability between and within individuals. Insufficient dose will increase
the risk of acute rejection, and excessive exposure will increase the incidence of adverse
drug reactions. Therefore, it is necessary to give patients personalized and precise treatment.
However, there are some limitations in individualized drug administration based solely on
therapeutic drug concentration monitoring. Machine learning can learn from the existing
data and automatically build the calculation model of complex relationships. It has the
characteristics of high efficiency and high accuracy. Machine learning is more and more used in
drug concentration prediction because of its ability to process large and complex data sets. This
article reviews the application of machine learning in tacrolimus individualized and precise

drug use in transplant patients.
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